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Abstract

This study investigates how YouTube videos are advising university students to use Chat-
GPT, focusing on two main aspects: bypassing detection tools for Al-generated text in
written assignments and leveraging ChatGPT as a study tool, using thematic analysis
of transcripts from 173 YouTube videos. Videos promoting the bypass of Al-generated
text detection emphasize methods such as using Al detectors, “humanizing” text through
rewriters, and blending Al-generated content with manual edits. Videos advocating for
ChatGPT as a study tool highlight its potential for personalized learning, creating study
materials, self-testing, goal setting, and language learning, but also suggest unethical use
for assignment completion. Our findings underscore the unreliability of essays in unsu-
pervised environments due to the ease of generating undetectable Al content, suggesting
the need for a more diverse range of assessment methods. Furthermore, we recommend
that educators guide students in ethical Al use and integrate positive Al applications into
their teaching practices.

Keywords Generative artificial intelligence - Cheating - ChatGPT - YouTube -
Bypassing detection

Introduction

The release of ChatGPT in November 2022 generated substantial discourse about the poten-
tial of new generative Al (GenAl) tools to disrupt established practices in higher education
(Williamson, Macgilchrist & Potter, 2023). GenAl tools potentially offer enormous promise
to students and education providers. They may make learning more effective, quicker, and
deeper (Wu & Yu, 2024) and potentially support students in a way that higher education
providers currently cannot, in part due to cost. However, there is also a concern that these
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tools threaten the way students are currently assessed in higher education. These tools can
produce academic writing to a very high standard, and markers find it difficult to differenti-
ate between academic writing produced by these tools and that produced by human students
(Avila-Chauvet & Megjia, 2023; Revell et al., 2023; Yeadon et al., 2023; Scarfe et al., 2024).
Surveys of university students reveal that ~90% of them are being assessed using essays
(Newton, 2025) and the same number report using Al their assessments (Freeman, 2025),
thus there is a considerable potential risk to current higher education practice.

One approach to potentially address this challenge is to use detection tools, which claim
to differentiate between human-written and GenAl-generated text, thus supposedly allow-
ing educators to evaluate the authenticity of written content (Markowitz, Hancock, &
Bailenson, 2024).

These detection tools use several different features to test whether text is written by Al.
One is the ‘perplexity’ of the text. is a measure of how well a language model predicts a
sample of text (Miaschi et al., 2021), and was originally designed to evaluate the difficulty
of speech recognition tasks (Jelinek et al., 1997). Lower perplexity scores indicate that
generated text closely aligns with a model’s predictions, suggesting it may be machine-
generated. Another feature is ‘burstiness’, which is a phenomenon where events occur more
frequently than expected in random processes. In the context of Al-generated text, bursti-
ness describes variation in the occurrence of certain words or phrases within a text, spe-
cifically the tendency to occur clustered together (Serrano, Flammini & Menczer, 2009).
Human writing often exhibits a more irregular pattern of burstiness due to natural cogni-
tive processes, whereas Al-generated text displays more uniformity. Finally, ‘complexity’
pertains to the syntactic and lexical richness of the text. It encompasses several features
like entropy, readability or vocabulary richness (Markowitz, Hancock & Bailenson, 2024).
Human authors tend to produce writing with varying sentence structures and a diverse
vocabulary, which contrasts with the often more homogeneous and less complex patterns
observed in Al-generated content.

The currently available detection tools deploy these features, but show a wide variety
in their ability to accurately detect even raw text written by GenAl. Even those detection
tools which are accurately detect raw text can then be partially bypassed by using simple
modifications that address the aforementioned features used by the text detection tools, e.g.
by increasing the complexity and perplexity of the text, the accuracy of the detection tools
is undermined (Weber-Wulff et al., 2023; Perkins et al., 2024).

Beyond the basic question of accuracy, there are then some pragmatic considerations
associated with effective use of detection tools. For example, the tools do not provide any
independent verification of the source of the text - evidence that could be used as part of
a discussion with the student about whether they themselves have written the work. This
contrasts with established originality detection tools, which are widely used to support pla-
giarism detection and provide cross-references to the sources from which an original text
may have been obtained. Thus, where universities have used tools to detect text written by
GenAl, there have been claims of false allegations of cheating (Gorichanaz, 2023), and this
has led to a lack of clarity over whether universities should use Al detection tools, and even
whether they are using them (Bloomberg.Com, 2023), with academics calling for an ‘end to
the AT detection arms race’ and urging a focusi on redesigning assessments (Christianson,
2024; Evangelista, 2024).
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Despite this, the use of Al-text detection tools appears to be widespread. Turnitin claimed
that 200 million student papers had been analysed in the first year of their Al-detection tool
being launched (Turnitin, 2024), while GPT-Zero claims 3 million users in 30 countries
(GPTZero, 2025). University policies are less clear. Although most universities now have
policies on GenAl use, a 2024 analysis from 50 leading universities in the US reported that
approximately a third of these recommended that educators not use Al-text detection tools
due to the aforementioned unreliability (An et al., 2025).

These concerns are not limited to academic work produced by students in universi-
ties. There is currently abundant evidence that GenAl tools are being used to generate
academic research papers, even through peer-reviewed research publications, and that
the use of these tools has escaped the attention of the journals themselves, with one esti-
mate that these tools already accounted for 1% of all academic research papers in 2023
(Gray, 2024).

Thus the detection tools are in widespread use, but can be easily bypassed. How might
students get access to advice about how to bypass these tools? YouTube has a long his-
tory as a source of informal learning resources for students in higher education including
academic writing and literacy advice (Stevenson & Baker, 2024). A study of Jordanian
medical students revealed that 83.9% used YouTube as a learning tool in medical school,
with most reporting that it enhanced their understanding, memorisation, and recall of ana-
tomical information (Mustafa et al., 2020). Students generally perceive YouTube videos
positively as a learning aid, especially when combined with structured discussions (Fleck
et al., 2014). During the COVID-19 pandemic, YouTube ranked as a top learning resource,
helping students understand remote instruction and compensate for missed opportunities
in knowledge and skill acquisition (Trabelsi et al., 2022). These findings suggest that brief
educational videos, including those on platforms like YouTube, are perceived positively
by students across various disciplines and can be effective tools for supporting classroom
instruction and independent learning. However, YouTube also has a long history as a pop-
ular platform for students seeking methods to cheat in academic settings., Instructional
videos teaching various cheating techniques for exams, homework, and assignments were
widely available as far back as 2011, and viewed by students globally (Seitz, Orsini &
Gringle, 2011). Thus, it seems reasonable to hypothesise that students will use YouTube to
try and access guidance about how to bypass Al detection tools if they wish to use Chat-
GPT, unethically, to assist with the preparation of their assignment. Therefore, our research
question was as follows.

How are YouTube videos recommending that university students can bypass detection
tools for Al-generated text, in written assignments?

To do this we analysed two sets of videos. One whose obvious aim was to bypass Al text
detection tools. The other was a group whose stated aim was more positive, to ‘help students
study’. We analysed these videos to determine what the recommended study techniques
were, and if they included advice about how to bypass Al text detection tools.
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Materials and Methods

We adopted pragmatism as our research paradigm. Pragmatism emphasises the asking of
research questions whose answers will be practically meaningful in the real world, espe-
cially for evidence-based decision-making in educational settings (Newton, Da Silva &
Berry, 2020). Given the rapid pace and scale of changes imposed by new generative Al
tools, we felt it essential to identify research questions whose answers would be of use to
policymakers in higher education, thus, our analyses and our discussion of our findings are
aimed at maximising the practical value of the findings to those policymakers, and the sector
in general. On a pragmatic level, either answer to our research question is meaningful in the
real world. If advice about how to bypass Al text detection tools is freely available, widely
used, and effective, then this weakens the case for using Al text detection tools. Conversely,
if the advice is ineffective, or limited, then this strengthens the case for using the tools.

We answered our research question in four steps. (1) Identifying relevant YouTube vid-
eos, (2) transcribing the audio track to plain text, (3) performing a thematic analysis of
the transcripts, and (4) making recommendations for policymakers based on those themes.
The details of the methodology in each step are specified below. As both transcription and
thematic analysis involved the use of LLM-based applications, we thoroughly verified all
outputs to mitigate the risks of hallucinations and incorrect or biased outputs.

Identifying Relevant YouTube Videos

Students tend to choose videos from the top of the list given by YouTube’s default ranking
(Mohamed & Shoufan, 2022). Our method aimed to locate the most influential, i.e., the
most viewed videos. We also wanted to get an objective overview of available videos and
not have this be influenced by our personal history of searches and views. Therefore, we
conducted our searches (detailed below) without being logged in to YouTube and with the
search history cleared. We used the search terms without quotation marks and sorted the
results by view count. We assessed each video according to its title to determine whether it
met the inclusion/exclusion criteria. If this was unclear, then we watched the video until a
determination could be made. In each category, we took a list of the first 100 relevant videos.

Videos on Bypassing Al-generated Text Detection Tools for Written Coursework

The search term ‘bypass Al content detector’ was entered into YouTube on July 10, 2024.
For inclusion, videos had to be aimed at university students who wished to write their
coursework using ChatGPT or other GenAl tools, but to avoid being picked up by Al
content detectors at their university. We excluded shorts, sponsored videos, general tutori-
als on ChatGPT not focused on studying, videos on various general ChatGPT hacks and
tricks, and media stories irrelevant to our purpose, as well as videos aimed at other groups
(e.g. marketers).

Videos on Using ChatGPT Positively as a Study Tool
For this set, we collected videos whose outward appearance was that a university student

would reasonably find it useful for university work. We used the prompt ‘chatgpt study’.
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We specifically searched for videos about ChatGPT since, at the time of our study, it was
the clear market leader, with a greater market share than all other current GenAl tools com-
bined (Bailyn, 2024). We sorted the videos according to the number of views and filtered
them manually based on the video title. We included videos on using ChatGPT for research
because they may be relevant for students fulfilling their study tasks. Exclusion criteria were
the same as for the other category.

Capturing Video Transcripts

Transcripts were downloaded using a freely available online transcription tool Tactiq
(https://tactiq.io/tools/youtube-transcript). To mitigate the workload connected with copy
-pasting the video URLs and downloading the transcripts, we employed a simple Python
script using the Selenium package, which automatically opened the website, pasted the link
to the input field, clicked on the submit button, waited for the transcript to appear and finally
clicked on the download button. The script did this for each video.

After obtaining the text files with annotated transcripts, we used another Python script
that removed the annotations (time stamps) and concatenated all transcripts into one big text
file, delimiting each video with the line containing the string “ ====NEW VIDEO ====*.
Another Python script was used to obtain the metadata about the videos (number of views,
number of comments, etc.) via the YouTube API.

Transcript cleaning, Organising and Validating

We are aware that large language models (LLM) are statistical models that can hallucinate
- i.e. provide incorrect or biased output, which can affect the accuracy of the results. In our
case, LLMs were involved both in transcription and in the thematic analysis, creating the
need to verify the correctness of both parts of the process.

For all transcripts, some generic corrections were made by deleting descriptions for
content like ‘[music]’ and ‘[applause]’. A manual screen was undertaken to replace com-
mon transcription errors, in particular, Tactiq struggled to recognise the phrase ‘ChatGPT’,
instead using a range of nonsensical phrases. The full list of phrases used in transcript clear-
ing is shown in the Supplementary Material.

Recent research highlights the challenges large language models face when processing
long texts. (Liu et al., 2023) and found that model performance degrades significantly when
relevant information is in the middle of long contexts, with better performance for informa-
tion at the beginning or end. To mitigate this positional bias, we performed the thematic
analysis three times, providing the transcripts in random order. Thus, each set of cleaned
transcripts was labelled A, B and C.

There were some videos in languages other than English. In case the videos contained
English subtitles, the transcription tool extracted them. Otherwise, we were unable to obtain
the transcript, and therefore, we excluded such videos from our dataset. The exclusion of
non-transcribable videos reduced our collection to 91 videos on how to use ChatGPT to
study and 82 videos on how to bypass the detectors of Al-generated text. When giving
examples and characteristics from individual videos, these are coded as P1-P91 (videos for
how to study, ‘positive’) and N1-N82 (videos for how to bypass Al detection, ‘negative’).
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Thematic Analysis of Video Transcripts Using ChatGPT

Thematic analysis is a well-established method for the processing of qualitative data. Braun
and Clarke’s seminal 2006 methodology paper identifies a six-step process for undertaking
thematic analysis (Braun & Clarke, 2006). There are already several studies which have
utilised ChatGPT for different phases of thematic analysis, with ChatGPT-4 outperforming
ChatGPT-3.5 (reviewed in Lee et al., 2024). Keys to the successful use of ChatGPT for the-
matic analysis include being specific with the instructions, explaining the background to the
task, and explaining the source of the data (Zhang et al., 2024), along with validation checks
to compare human and ChatGPT outputs.

Thematic analysis of the study videos was undertaken using Chat GPT-40 on July 22
2024. All our communication with ChatGPT maintained a moderate level of politeness,
mimicking the way how we would communicate with a human. This way of communica-
tion is most likely to get the best performance from chatbots based on LLMs (Yin et al.,
2024). A new temporary chat was enabled, and an initial verification check was undertaken
to confirm that ChatGPT produced an accurate basic summary of the transcripts. This was
undertaken with the following prompt ‘Can you give me a short summary (2 paragraphs)
of the contents of the uploaded file please?’. Each of the authors had already selected ten
most-viewed videos, one author per subject type, watched them, verified the transcription
accuracy, and taken notes about the topics appearing in the videos. The results of this activ-
ity were used to sense-check the results of the content summary. Both authors then read
each of the three thematic analyses on each topic (detailed prompts below) and produced
a summary of each. These were then discussed between the authors, alongside a consid-
eration of their own experiences viewing, summarising content and cleaning transcripts
for all videos. Following this discussion, a final pragmatic summary was written by both
authors, including recommendations.

Thematic Analysis for Transcripts of Videos Aimed at Helping Students Bypass
Detectors for Al-generated Text

Thematic analysis was then undertaken with the following prompt:

“Can you please undertake a thematic analysis of the uploaded document for me?
The document contains the transcripts of multiple videos. The transcript of each dif-
ferent video is separated by the text ‘==== NEW VIDEO ====". Each video is
aimed at helping university students to cheat, by bypassing tools for the detection of
Al-generated text. Thus, the intention is that students can use tools like ChatGPT to
write their essays and then, by following the advice given in the videos, they will not
get caught. For the thematic analysis, I would like a summary of the advice that the
videos give to students about how they can bypass these Al detection tools. My aim
is to highlight these methods to universities and other higher education bodies so
that they are aware of how students might be using these methods to evade detection
systems for Al-generated text. Please use only the content of the uploaded document
for the thematic analysis.”
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Thematic Analysis for Transcripts of Videos Aimed at Using ChatGPT Positively as a
Study Tool

Thematic analysis was undertaken with the following prompt:

“Can you please undertake a thematic analysis of the uploaded document for me? The
document contains the transcripts of multiple videos. The transcript of each different
video is separated by the text ‘==== NEW VIDEQO ====". Each video is designed
to help students learn how to get the best out of ChatGPT for their academic work. I
would like the thematic analysis to identify a summary of the main recommendations
made in the videos. Use only the contents of the uploaded documents for the thematic
analysis”.

Results

The list of analysed videos is available in the Supplementary Material.
Negative dataset. Bypassing Al-generated Text Detection

In this category, we analysed 82 videos (N1-N8§2).

Video Characteristics

Most of the videos were 5 to 10 min long. The shortest video was 36 s (Video N27), and the
longest was more than 22 min (Video N58), with a median of 6:28. The view count ranged
from 2393 (Video N82) to almost 780 thousand (Video N1), with a median of 17,527. The
like count ranged from 0 (Videos N25, N26) to over 35 thousand (Video N1), with a median
of 270. The comment count ranged from 0 to 1668 (Video N1) with a median of 40. The
cumulative view count of all 82 videos was approx. 6.4 million.

An apparent outlier in terms of outreach was a 6-minute video “Chat GPT - Pass Detec-
tion 100% Human Written With This Prompt” (Video N1), with the most views, most likes
and most comments. The video is part of the channel “Success with AI” with 65 videos
and over 50 thousand subscribers. The channel is about “the creative use of Artificial Intel-
ligence (AI) applications for simple day-to-day tasks and other creative ways to make life
easy.” (https://www.youtube.com/@UseAl). The second most-viewed video is “Use Cha
tGPT without Al Score and Plagiarism II Simple and Smart Tips II My Research Sup-
port” (Video N2) from the channel My Research Support with 162 thousand subscribers.
The channel claims to be “dedicated to empowering students, research scholars, and aca-
demicians in their academic endeavours” and presents various videos on how to remove
plagiarism, publish fast and use Al (https://www.youtube.com/@MyResearchSupport) - it
has nothing to do with integrity, just advises on how to achieve as many publications as
possible. The third most-viewed video is “Bypass ALL Al Detectors in 2024” (Video N4)
from Jason West, a channel providing “thoughts on Al, maximising the use of ChatGPT, the
dynamic world of digital marketing, sales funnels, and testing new time-saving software”
with 367 thousand subscribers.
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Negative dataset. Thematic Analysis

The videos were very enthusiastic about the power of Al to generate essays and assign-
ments, and the easiness of making the generated text undetectable. For example, one video
contained the statement “run scan and boom here you can see initially the manuscript had
97% plagiarism now after bypass Al magic this has been reduced to only 1% (Video
N67, 04:33). They generally followed a step-by-step protocol with the following key rec-
ommendations. Each theme is summarised below, along with quotes from relevant videos
to illustrate the theme.

1. Use ChatGPT to generate the initial text, but don’t trust the raw content to be
undetectable.

“Let’s start by generating essay about Napoleon. We're using Chat GPT. Let’s take a
look what Turnitin has to say about it.” (Video N30, 00:04).

2. Test the content using an Al detector such as GPTZero, Originality.ai, Copyleaks, Tur-
nitin etc. Some videos compared and promoted different tools.

“Folks, Al detectors like Turnitin, Originality.ai, GPT Zero, Copyleaks and Al Detec-
tor Pro are one of the best ai detectors that can easily detect Al in our content, but
then the question is how to humanize our content” (Video N40, 00:50).

3. Humanise the content. Students were encouraged to use tools like Stealth Rewriter,
Spin Rewriter, Hix Bypass, Quillbot et al.

“The good news is humanizing is pretty easy to do. Honestly, the whole process
could take you less than 5 minutes” (Video N22, 01:03). “Just use Hix bypass to fully
humanize any of the sections that sound a little too robotic” (Video N57, 00:43).

Various tools were recommended but these varied depending on positional bias (see below).

4. Rephrase the text to increase complexity, perplexity, and burstiness. These are the
basic principles used by the humanising tools described above. Some videos explained
these principles to students, and showed how they could do these things themselves,
and/or add these as prompts to ChatGPT when generating the content.

“Al detectors actually only look for two things in a text right and thats perplexity and
burstiness” (Video N77, 1:51) “I asked ChatGPT that I want you to write this next
article with high perplexity and burstiness” (Video N42, 2:58).

5. Blend human and ChatGPT-generated content. There was a recommendation to
include some human-generated content to help evade the Al detectors. The recom-
mended mix of human and Al-content varied from using ChatGPT to generate a basic
outline, through to using ChatGPT to develop a full assignment with some minor
human editing.
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“(...) if we would like to write content that is less likely to be [flagged as] Al gener-
ated, so you need to write content manually having a more human touch incorporate
personal experiences and anecdotes (...)” (Video N52, 01:58).

Manual edits and proofreading. This included checking for grammatical correctness
and ensuring the text flows naturally.

“Make sure to read it through line by line. Fix any spaces, punctuation and rephrase
any words to make sure it all flows” (Video N22, 04:00).

Retest content. Repeat steps 2—6 until the text is able to pass the Al detection test.

“Just keep doing it until you get the result that you need to pass the detectors” (Video
N29, 6:39).

Consider the ethical position. Despite the unethical use case, some videos acknowl-
edged this, including disclaimers stating that the information was for educational pur-
poses and that the video creators did not endorse cheating.

“Okay now one thing I want to give you a warning: Don 't do this so that you can like

plagiarize stuff if you’re a student. Please don't do this to get a pass and get a paper
submitted. Theres not the intention here, we re not trying to fool anybody, we re not
trying to get away with something unethical” (Video N59, 8:49).

“Please do not break the law. This video is only for educational purposes only. This
may not be the most ethical way to complete your schoolwork but I promise you it is
the most efficient” (Video N78, 5:11).

Share best practices. Viewers were encouraged to share their experiences and sugges-
tions, in part to boost the visibility of the videos and channels by adding comments and
likes.

“Let me know what you guys are thinking and if there are any other useful things
that you do want to be shared don t forget to leave a comment in the comment section
below” (Video N68, 9:43).

Positive dataset. Using ChatGPT Positively as a Study Tool

In this category, we analysed 91 videos (P1-91).

Video Characteristics

Most of the videos were 8 to 16 min long. The shortest video was 43 s (Video P13) and the
longest was 43 min and 43 s (Video P59), with a median of 12:07. The view count ranged
from 17 thousand (Video P91) to 13 million (Video P3), with a median of 84 thousand. The
like count ranged from 0 (Video P76) to 595 thousand (Video P3) with a median of 2,451.
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The comment count ranged from 7 (Video P54) to 18,504 (Video P3), with a median of 111.
The cumulative view count of all 91 videos was approx. 51.6 million.

The three most-viewed, most-liked and most-commented videos (Videos P3, P4, P5)
are from Dhruv Rathee - a YouTuber who characterises himself as a “YouTube educator
whose expertise lies in doing simplified and objective explainers of complex topics” (https
//lwww.youtube.com/@dhruvrathee) and has 23.3 million subscribers. The fourth most-vie
wed video is “How to learn to code FAST using ChatGPT (it’s a game changer seriously)”
(Video P6) by Tina Huang, a data scientist posting videos about coding, tech career and
self-study (https://www.youtube.com/@TinaHuang1). The fifth most-viewed video is “How
to use ChatGPT to easily learn any skill you want” (Video P7) with 1.8 million views, over
90 thousand likes and 2417 comments. The video was posted by Bri Does Al with 86,5
thousand subscribers. Her profile contains 19 videos, mostly on how to learn and study effi-
ciently and how to use Al for productive learning (https://www.youtube.com/@BriDoesAl).

Positive Dataset. Thematic analysis

1. Personalised learning. A dominant theme was the ability to use ChatGPT to person-
alise study routines and goals to the current and desired level of the learner.

“One way that I utilize Al is by telling it to create a focused learning plan for me on
whatever topic or skill that I want to learn using the Pareto Principle and boom bada
bing the Al gives me a focused learning plan that covers 20% of the topic that will
result in 80% of the effects” (Video P7, 2:06).

These recommendations were categorised into sub-themes as follows:

a. Create study materials. Items such as flashcards, flowcharts, summaries, concept maps
etc.

Retrieval practice. Using ChatGPT for personalised self-testing and quizzing.
Determining proficiency level. Using ChatGPT to self-test and identify current abilities.
d. Goal setting. 1dentifying near and far targets for performance.

IS

2. Interaction. The real-time back-and-forth nature of using ChatGPT was frequently
cited as a study benefit, for example, using the Socratic method or role-playing.

“And we all know that Socratic dialogue debate is a great way to learn, but frankly,
it’s not out there for most students. But now it can be accessible to hopefully every-
one.” (Video P11, 07:36).

W

Language learning. Although we did not specifically search for language learning vid-
eos, this was a dominant theme. Many of the recommendations for language learning
included some of the personalised learning strategies identified above.

“Learning a language isn t just about memorizing vocab and theory. For me, actually,
practising speaking in real-time is the best way to get good really quickly (...) We can
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press the mic button on the right side of the chat bar to respond in real-time and then
ChatGPT will answer back to us” (Video P32, 2:16).

4. Research tasks. This was another dominant theme that we did not specifically search
for—using ChatGPT to formulate research questions and identify sources and citations.

“If you're just starting out and you really don 't know where to start with your litera-
ture review, what topics to cover, I mean, this is brilliant like it saves you literally
weeks of thinking and getting it wrong.” (Video P21, 17:43).

“If you have a research gap you can just give ChatGPT the research gap and from that
you can get research questions” (Video P21, 12:56).

5. Generate content. Users were given suggestions for using ChatGPT to complete
assignments, although this frequently and rapidly veered into the content of the nega-
tive set of videos described above.

“Here s where the fun part comes in. ChatGPT can draft your essay for you and then
you can later go in make revisions, make it personalized, humanize it a little bit and
then it will be ready to go” (Video P73, 25:02).

6. Verify ChatGPT output. Some videos identified the need for independent verifica-
tion of ChatGPT outputs, especially references, alongside a need for users to ‘think for
themselves’.

“Ask ChatGPT to cite its sources and make the effort to independently verify them
where you can. Bing's Al tool is actually a lot better than ChatGPT for this, because
they do include links and citations so you can easily go and verify them.” (Video P39,
18:59).

3.3. Positional Bias

The three thematic analyses produced by ChatGPT show some evidence of positional bias,
confirming the findings of Liu et al. (2023). In the “positive” dataset, the thematic analysis
C is the only one which puts “Overcoming procrastination” as the first-level topic. There
was only one video dealing with procrastination. Its transcript was in the second position in
the set C and somewhere in the middle in the other sets. This suggests that ChatGPT empha-
sised the topics occurring at the beginning of the document.

In the “negative” dataset, thematic analysis A overrated the detection system called “Hix
Bypass”. This system is also mentioned (among others) in the thematic analysis B but is
completely missing in the thematic analysis C. We further explored the transcripts and
found 51 occurrences of “Hix Bypass” in 6 transcripts. In set A, the videos with the most
occurrences are the first one and the one almost in the end. In the set B, the distribution is
more uniform, with more frequent occurrences at the beginning of the document. In set C,
the videos with the most occurrences are in the quarter and three-quarters of the document.
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Again, we can observe the emphasis on the topics mentioned at the document’s beginning
(and end).

These observations suggest that Al-based thematic analysis is prone to positional bias,
as explained previously. However, the primacy and recency effect is also natural to humans,
along with a range of other cognitive biases (Neal et al., 2022). Therefore, we argue that
our results are similar to those that a human analyst would produce. Moreover, conducting
the thematic analysis three times with shuffled transcripts seems sufficient to mitigate this
kind of bias.

Prevalence of Themes

For the positive dataset, we analysed the prevalence of themes in the videos to determine
how common it was for these ‘positive’ videos to recommend the ‘negative’ theme of using
ChatGPT to generate content. We used ChatGPT-40, and uploaded each transcript sepa-
rately, together with the following prompt:

Here is the transcript of a YouTube video. I am interested in whether these topics are
mentioned in the transcript or not:

1) Personalized learning - the ability of ChatGPT to personalize study routines and goals
to the current and desired level of the learner.

2) Interaction - the real-time back-and-forth nature of using ChatGPT as a study benefit,
e.g. Socratic method or role-playing.

3) Language Learning - benefits of Using ChatGPT To Help Learning Languages

4) Research task - using ChatGPT To Formulate Research Questions and ldentify Sources
and Citations

5) Generate content - use ChatGPT To Complete Assignments

6) Verify ChatGPT output - the Need for Independent Verification of ChatGPT Outputs

7) Metallurgy - the science and technology of metals, encompassing their extraction from
ores, refinement, processing and application.

8) ChatGPT as a Tool

9) Astrophysics - a Branch of Astronomy that Uses Physics and Chemistry To Understand
the Universe

Here is the transcript:

{file_content).

Give me just a short output, one line for each topic in the format:

number) topic - YES/NO.

depending on whether a particular topic appears in the video or not.

Items 1-6 correspond to those revealed in the thematic analysis. Items 7-9 are “control
sample” - we presumed that all videos contain something about ChatGPT as a tool, whereas
no video contains anything about metallurgy or astrophysics. Therefore, the prevalence of
these topics served as a verification of ChatGPT’s output. To sequentially upload all tran-
scripts to ChatGPT, we employed a simple Python script using the OpenAl API. The results
are in Table 1.

According to our assumption, no video contained anything about metallurgy or astro-
physics. We can, therefore, trust ChatGPT not to produce false positives in this regard.
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_Table 1 P_re.valence of the themes  Theme Prevalence (N=91)
in the positive dataset Personalized learning 22%

Interaction 38%

Language learning 35%

Research task 34%

Generate content 53%

Verify ChatGPT output 53%

Metallurgy 0%

ChatGPT as a tool 96%

Astrophyics 0%

Surprisingly, four videos appeared not to contain anything about ChatGPT as a tool. We
manually reviewed these transcripts to verify this fact. Videos P3, P4 and PS5 really don’t
contain anything about ChatGPT; they present general tips for efficient learning (particu-
larly languages) and time management. Video P84 contains ChatGPT in its title and descrip-
tion, but there is nothing about it in the transcript, so the classification was correct as well.
We can therefore be reasonably sure that the prevalence analysis done by ChatGPT did not
lead to false negatives either.

Discussion

We found that advice about how to bypass Al text detection tools was easily available on
YouTube, and had been viewed many millions of times. The first seven themes presented in
the negative dataset are essentially a 7-step protocol for using ChatGPT and others to create
academic writing that is less likely to be identified by common detection tools. The videos
themselves are not de facto evidence that this protocol will be effective in reducing the
likelihood of detection. However, work by Perkins et al. (2024) examined seven adversarial
techniques designed to make Al-generated text less likely to be identified by Al-text detec-
tors. The techniques were designed to change the features of the text which the detectors
use to distinguish between human-written and machine-generated content, by adding spell-
ing errors, increasing burstiness, increasing complexity, decreasing complexity, writing as
a non-native English speaker and paraphrasing. These proposed techniques are remarkably
similar to those identified in the current study. Perkins et al. tested six different Al text detec-
tion tools. None were more than 65% accurate on unmanipulated text, meaning that 35% of
the time they incorrectly classified a piece of text as being written by humans when it was
in fact written by Al or vice versa. All tested tools then suffered from a drop in accuracy
following text rewriting using these adversarial techniques, including a drop of 42% points
for Turnitin’s tool, which was used on over 200 million student papers in the first year of
deployment. A drop in accuracy was observed for all adversarial techniques examined by
Perkins et al., and only in the case of the increased complexity was the drop statistically
insignificant. These results reinforce those from earlier studies by Weber-Wulff et al., who
concluded that the accuracy of Al content detectors is currently insufficient to justify their
use in academic settings (Weber-Wulff et al., 2023).

Reassuringly, there was also an abundance of videos promoting positive educational
practice using ChatGPT. The first theme, of personalised learning, is one that is commonly
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advocated by enthusiasts of the potential for new GenAl tools in education (Jensen et al.,
2024), although there is concern that GenAl might actually impair personalised learning
by homogenising content and formats (Laak, Abdelghani & Aru, 2024), and all proposed
educational uses of ChatGPT at the current time should be caveated with warnings about
accuracy and ‘bias’, and this was reflected in the final theme from the positive dataset. These
challenges are amplified by the apparent ‘confidence’” with which ChatGPT will return an
answer to any question, even if the answer itself is flawed (Yuan et al., 2024).

The outreach of our “positive” dataset is much larger than the outreach of the “negative”
dataset (61.6 M vs. 6.4 M), which is appears to be good news for educators who care about
academic integrity. However, despite our classification of the two datasets as ‘positive’ and
‘negative’, the positive dataset contained numerous recommendations to use ChatGPT to
generate academic content, in a manner similar to that of the negative dataset. This perhaps
reflects a broader challenge that these new tools present to traditional boundaries of ethical
and unethical. If a student uses ChatGPT to generate content but then edits it significantly
and learns through the process, is this acceptable? How much editing would be required
before it is clear that the work is the students and not that of ChatGPT? The videos empha-
size the need to rethink assessment strategies and create guidelines for ethical use of Al
that lead to student learning, which is also a conclusion of Evangelista’s (2024) literature
review and has been advocated for as a method to end the perceived ‘arms race’ between
universities using Al text detection systems and students using the methods identified in the
current study to evade those systems (Christianson, 2024). However the size and scale of
the challenge is enormous. Almost all universities make extensive use of assessment meth-
ods that are vulnerable to cheating with GenAl, e.g. essays and unsupervised online exams
(Newton, 2025; Newton & Draper, 2025). Achieving a complete assessment redesign across
the whole sector is a considerable task.

These findings deserve discussion in the context of broader concerns about the valid-
ity of essays and other forms of written coursework as summative assessment methods.
Their authenticity in an unsupervised environment wass highly unreliable even before the
advent of GenAl. The document submitted by the student might be a result of assignment
outsourcing (Awdry, 2021) or, more generally, unauthorised content generation (Foltynek et
al., 2023). Of course, we acknowledge the role of essays in the learning process. However,
when used for assessment, they should be accompanied by other forms of assessment like
oral presentations, practical assessments or supervised exams.

Limitations

There are several limitations that have to be taken into account when interpreting the results:
In the video identification step, we relied on YouTube filtering algorithm, which is based on
titles and descriptions of the videos. A student who uses YouTube to search for these videos
will likely have their search results impacted by their own history of searching, and so our
findings represent a general picture rather than a specific one.

Qualitative data analysis using GenAl is an emerging methodology although it is develop-
ing rapidly. Many qualitative researchers are initially sceptical about the ability of ChatGPT
to undertake reliable and meaningful analysis, but their scepticism is changed to optimism
when actually using ChatGPT for this purpose (Yan et al., 2024; Zhang et al., 2024) and this
was certainly our experience, and the findings generated ChatGPT were confirmed using
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the multiple validation checks described. We found no evidence of hallucination or inac-
curacy. However it seems likely that the protocols for undertaking this analysis will evolve
as the tools develop further. Also, the way we prompted ChatGPT could have potentially
influenced the results, which limits replicability of our research if other researchers use dif-
ferent prompts.

Last, but not least, our distinction of positive and negative datasets may not precisely
reflect a binary distinction. Some videos in the negative dataset mention ethical consider-
ations. Some videos, despite giving overall positive advice, mention an option to generate
content. Then, students may easily resort to unethical behaviour by submitting such content
as their own.

Conclusion and Recommendations

Tools for the detection of Al-generated text are unreliable (Weber-Wulff et al. 2023), and
easily bypassed (Perkins et al., 2024). Here we show that effective advice about how to
bypass these detection systems is easily available in the public domain via YouTube, and has
been widely viewed. This undermines the proposed effectiveness of these detection tools
and thus further weakens validity of essays as summative assessment methods in higher
education. The authors have no relevant financial or non-financial interests to disclose.
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